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ABSTRACT  

TamCast is a next-generation Android application designed to revolutionize podcast creation by seamlessly 

blending Text-to-Speech (TTS) technology with multimedia integration. Built using Java, XML, and Firebase, the 

app empowers users to generate high-quality podcasts by converting text into natural-sounding speech and 

synchronizing it with selected video content. 

The application leverages Firebase Authentication, Realtime Database, and Cloud Storage to ensure secure 

access, real-time data management, and seamless media storage. A unique Podcast Library feature enriches the 

user experience by aggregating external podcasts through WebView, expanding content accessibility beyond self-

created materials. 

TamCast further enhances user engagement with an interactive feedback system, allowing creators to refine and 

improve their content. The My Podcast section offers a structured repository for storing, organizing, and 

managing all user-generated podcasts efficiently. 

By integrating AI-driven speech synthesis, a web-powered content library, and a secure cloud-based 

infrastructure, TamCast redefines podcast creation, making it more intuitive, dynamic, and accessible to creators 

of all experience levels. 
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I. INTRODUCTION 

In the digital age, podcasts have emerged as a powerful medium for content creation, storytelling, and information 

sharing. However, traditional podcast production often involves complex recording setups, editing tools, and 

technical expertise, making it challenging for beginners and casual creators to participate. TamCast addresses this 

gap by offering an intuitive and efficient solution that simplifies podcast creation through Text-to-Speech (TTS) 

technology and video integration. 

 

Developed using Java, XML, and Firebase, TamCast enables users to convert text into speech and seamlessly 

integrate it with a selected video, eliminating the need for professional voice recording. The app leverages Firebase 

Authentication, Real-time Database, and Cloud Storage to ensure secure access, real-time data management, and 

media storage. 

 

Beyond personal content creation, TamCast enhances user experience by incorporating a Podcast Library, which 

scrapes external podcast data using WebView, giving users access to a diverse range of podcasts. Additionally, 

the app includes a feedback system to encourage user interaction and content refinement. All user-generated 

podcasts are systematically stored in the My Podcast section, allowing easy access and management. 

 

With its AI-driven speech synthesis, cloud-based infrastructure, and web-integrated content discovery, TamCast 

redefines podcasting by making it more accessible, engaging, and effortless for creators of all skill levels. Whether 

for professional storytelling, educational content, or casual expression, TamCast empowers users to bring their 

ideas to life with minimal effort. 
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II. LITERATURE SURVEY 

 

The advancements in Text-to-Speech (TTS) technology have revolutionized automated content creation, 

significantly enhancing accessibility and engagement in digital media. Heiga Zen (2016) introduced WaveNet, a 

deep learning-based TTS model that improved speech synthesis by generating more natural and human-like 

voices. Later, Jonathan Shen et al. (2018) refined TTS by incorporating Mel spectrogram predictions, which 

enhanced the expressiveness and intonation of AI-generated speech. These developments laid the foundation for 

AI-driven narration, making it an essential component of modern multimedia applications. TamCast leverages 

these advancements to provide users with an immersive and high-quality podcasting experience, eliminating the 

need for manual voice recording. 

 

In the domain of content accessibility and aggregation, Christopher Olston (2010) explored web scraping 

methodologies for large-scale data extraction, emphasizing structured and real-time updates. This research 

supports TamCast’s WebView-based Podcast Library, which enables users to explore external podcasts 

seamlessly without manual searches. By integrating real-time content aggregation, TamCast enhances content 

discovery and broadens user engagement. 

 

Efficient media storage and security are critical for managing podcast data. Jeffrey Dean et al. (2012) 

analyzed cloud-based distributed storage systems, highlighting their ability to provide real-time synchronization, 

scalability, and secure authentication. TamCast adopts these principles by integrating Firebase Real-time Database 

and Cloud Storage, ensuring seamless podcast management while safeguarding user data. 

 

Beyond technological infrastructure, user engagement and retention play a crucial role in digital platform 

success. Nir Eyal (2014) explored strategies for building habit-forming products, emphasizing interactive UI 

elements and feedback systems to enhance user experience. Inspired by this, TamCast incorporates an interactive 

feedback mechanism, allowing users to rate and improve podcast content dynamically, and fostering continuous 

engagement. 

 

By combining AI-powered TTS synthesis, automated content aggregation, secure cloud storage, and user 

engagement strategies, TamCast introduces an innovative approach to podcasting. Unlike traditional platforms 

that rely on manual narration and hosting, TamCast automates the process, making podcast creation more 

accessible, efficient, and engaging. This literature survey underscores the technological and theoretical 

foundations that drive TamCast’s development, positioning it as a comprehensive and user-friendly podcasting 

solution in the evolving digital audio landscape. 

 

III. METHDOLOGY 

 

The development of TamCast follows a structured methodology to ensure seamless podcast creation, 

efficient system integration, and enhanced user engagement. The process begins with requirement analysis and 

system design, where core features such as Text-to-Speech (TTS) conversion, video integration, Firebase storage, 

and podcast library aggregation are identified. The system architecture is designed to support real-time processing, 

authentication, and cloud storage, ensuring smooth functionality and scalability. The frontend and user interface 

development phase involves designing an intuitive UI using XML for layouts and Java for interactive 

functionalities in Android Studio. The interface allows users to input text, select a video, and generate podcasts 

effortlessly. Additionally, a Podcast Library is integrated using WebView, enabling users to explore external 

podcast content without manual searches. 

 

For Text-to-Speech (TTS) integration, Google TTS API is utilized to convert user-inputted text into high-

quality, natural-sounding speech, which is then merged with the selected video for an engaging podcast 

experience. The Firebase backend implementation ensures secure and scalable operations using Firebase 

Authentication, Real-time Database, and Cloud Storage. Authentication manages user registration and login, Real-

time Database stores podcast metadata and user interactions, while Cloud Storage securely handles media files, 

user-generated content, and AI-generated audio. To enhance content accessibility, TamCast incorporates a 

WebView-based Podcast Library, where real-time web scraping is implemented to extract and update podcast 

content dynamically. This feature allows users to discover and stream external podcasts seamlessly. 
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Fig 1: Sequence Diagram 

 

The podcast storage and retrieval system ensures that all user-generated podcasts are organized within 

the “My Podcast” section, providing easy access, retrieval, and management. Firebase Cloud Storage supports 

real-time media storage and playback without latency issues. To further enhance engagement, TamCast integrates 

a user feedback system, allowing users to rate and review podcasts, provide content suggestions, and enhance 

recommendations, thereby improving overall content quality. Testing and quality assurance play a crucial role in 

refining the application. Unit testing validates individual modules such as TTS conversion, video integration, and 

Firebase storage, while integration testing ensures seamless interaction between different components. 

Additionally, user testing is conducted to gather feedback and refine the interface before deployment. 

 

Once testing is complete, TamCast is deployed on the Google Play Store, where Firebase Analytics is 

used to track performance and gather user insights. Continuous updates, bug fixes, and feature enhancements are 

implemented based on real-time user feedback. By following this structured methodology, TamCast effectively 

combines AI-driven narration, video integration, and cloud-based podcast storage to deliver an intuitive, scalable, 

and innovative podcasting solution. Its continuous refinement cycle ensures seamless functionality, improved user 

engagement, and long-term sustainability. 

 

 

IV. FUTURE SCOPE 

 

The TamCast aims to evolve into a fully AI-driven podcasting platform, expanding beyond basic Text-

to-Speech (TTS) conversion. Future enhancements include multi-language support, voice cloning, and AI-

powered audio refinements for more natural narration. Content summarization could provide quick podcast 

highlights, while ensures copyright protection. Monetization can be expanded with premium hosting, 

sponsorships, and ad placements. Additionally, social media sharing and live podcasting features would boost 

engagement, making TamCast a versatile, secure, and profitable solution for content creators worldwide. 

 

V. CONCLUSION 

 

TamCast simplifies podcast creation with AI-powered Text-to-Speech (TTS), video integration, and 

secure cloud storage, ensuring efficiency and accessibility. Its WebView-based Podcast Library enhances content 

discovery, while Firebase supports seamless authentication and data management. Looking ahead, TamCast can 

expand with multi-language support, voice cloning, AI-driven enhancements, and more for better personalization 

and security.  

Features like content summarization, live podcasting, and social media sharing will boost engagement, 

while monetization options create revenue opportunities. With its scalable and AI-driven approach, TamCast is 

set to redefine digital podcasting, making it more accessible, innovative, and engaging for creators worldwide. 
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